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https://dl.sony.com/console/#/project?project_id=54
https://support.dl.sony.com/wp-content/uploads/sites/2/2020/04/09055150/starter_guide_Semantic_Segmentation.pdf
https://support.dl.sony.com/docs-ja/layer_reference
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https://www.youtube.com/watch?v=UximUEjPQco&list=PLg1wtJlhfh216rnmSv_oEDuchRjgUqxBi
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