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https://nnabla.readthedocs.io/en/latest/python/file_format_converter/file_format_converter.html

AT RS54 U TOHRRET Al [, = 7-o% J

NNablaD A4 VR b—JLENT=PythonIRIZE T, AV FSAUNBLLUTEEITLET,

HAIET )y KT & Dscore, category. regionlZHYFITDTESE: Y o J)LJ0 7 FOHA, BT
JOox FOHEAT7AI), INDUT 4 TRy ADEEIZIE. scoreDFE NI ) v KDcategory &
regionMT—2ZMYH L., FTELTW=ELRELAHY FT,

nnabla_cli forward ¥
-c [FoA—FLERYFI—OFETILIZAIL(*.nnp)] ¥
-d [#RET ST —FEY FERYFLEDICSVIFAIL] ¥
-0 [HERBEROHATA LY RV ]

X NNCOEVALUATIONZ J TOHREITRICEHRD AT FZEFERALTWS 0.
AJDEADA Y FIICRAKDELDAEAESNTLNET,
2017-10-24 05:54:28,942 [worker]: [INFO]: nnabla cli forward -c

/home/nnabla/results/results_current_100.nnp -d ccbfl5a0-bcb6-4ba6-bloe-
271c877c4348/1002/index.csv -0 /home/nnabla/results
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import nnabla as nn

from nnabla.utils import nnp_graph

from nnabla.utils.image_utils import imread
import numpy as np

import math

import matplotlib.pyplot as plt

import matplotlib.patches as patches

nnp_file
input_figure
output_figure
colorlist = [ ]
classlist = [
threshhold
num_anchor
num_class
img_height
img_width
figscale
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2/4
img = imread(input_figure, grayscale=False, size=(img_width, img_height))

nnpFile = nnp_graph.NnpLoader(nnp_file)

networkModel = nnpFile.get_network( , batch_size=1)

Bi§T — 5 HHAd. #
nnval_x = networkModel.inputs| ] =175 U C LB ERR,
nnval_y_score = networkModel.outputs] ] s ST Valld): o YA,
nnval_y category = networkModel.outputs| ] S Ry O ZDETE
nnval_y r = networkModel.outputs["r'"] SRR T B,

nnval_x.d = np.array(img) .reshape(nnval_x.d.shape)
nn.forward_all([nnval_y_score, nnval_y_category, nnval_y_r], clear_buffer=True)

y_score = nnval_y score.d[0]
y_category = nnval_y_category.d[0]
y_r=nnval_y rd[0] —

_, grid_height_num, grid_width_num =y _score.shape
grid_height = img_height/grid_height_num
grid_width = img_width/grid_width_num

MANEGENE ) 7ODHBE(ICIE. V—RO—RO—8Z IAXA PO RDEEELTLSIZEE0N,
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3/4
indices_anchor, indices_grid_y, indices_grid_x = np.where(y_score>threshhold)

def softmax(x):
u = np.sum(np.exp(x))
return(np.exp(x)/u)

bboxes, texts =[], []
foridx_anchor, idx_grid_x, idx_grid_y in zip(indices_anchor, indices_grid_x, indices_grid_vy):

prob =y _category[idx_anchor®grid_height_num-+idx_grid_y][num_class*idx_grid_x:num_class™idx_grid_x+num_class]
prob = softmax(prob)

label = prob.argmax()

texts.append( format(classlist[label], prob[label]))

ratio_dx, ratio_dy, ratio_width, ratio_height = y_r[idx_anchor*grid_height num-+idx_grid_y][4*idx_grid_x:4*idx_grid_x+4]

cx = (idx_grid_x+ratio_dx)*grid_width

cy = (idx_grid_y-+ratio_dy)*grid_height

width = math.exp(ratio_width)*grid_width

height = math.exp(ratio_height)*grid_height

bboxes.append(patches.Rectangle(xy=(cx width, cy height), width=width, height=height, ec=colorlist[label], fill=False))
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fig = plt.figure(figsize=(figscale*img_width/img_height, figscale))
ax = plt.axes()
ax = fig.add_axes([0, 0, 1, 1])
ax.imshow(img)

for (r, text) in zip(bboxes, texts):

ax.add_patch(r)

ax.text(r.xy[0], r.xy[1], text, ha , va , transform=ax.transData, color=r.get_ec() )
ax.tick_params(labelbottom=False,labelleft=False, labelright=False, labeltop=False)
ax.tick_params(bottom=False, left=False, right=False, top=False)
plt.savefig(output_figure)
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